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Research in computer-supported cooperative work has historically focused on behaviors of individuals
at scale, using frames of interpersonal interaction such as Goffman’s theories of self-presentation. These
frames prioritize research detailing the characteristics, personal identities, and behaviors of large numbers
of interacting individuals, while the social identity concepts that lead to intra- and inter-group dynamics
have received far less attention. We argue that the emergent properties of self-categorization and social
identity, which are particularly fluid and complex in online spaces, provide a complementary perspective with
which to re-examine traditional topics in social computing. We discuss the applicability of the Social Identity
Perspective to both established and new research domains in CSCW, proposing alternative perspectives on selfpresentation, social support, collaboration, misbehavior, and leadership. We propose a set of methodological
considerations derived from this body of theories and accompanying empirical work. We close by considering
how broad concepts and lessons from social identity provide a valuable lens for inspiring future work in
CSCW.
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1

INTRODUCTION

Research in Computer-Supported Cooperative Work (CSCW) has explored the evolution of collaboration and cooperation in online systems since the early years of social computing. Findings have
guided the development of systems and the formulation of theoretical models explaining the ways
humans engage with them. However, the major methodological and theoretical approaches within
CSCW have focused on individuals, whether in groups or at scale, as the unit of analysis, rather
than focusing specifically on groups and their participation within online spaces. From foundational
theory in social psychology, we know that the process of transitioning into groups can mean that
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individuals’ self-concept, their behaviors, and the motivations and values that drive them, are all
profoundly transformed; groups are far more than the sum of their parts.
The social identity perspective (SIP)1 explains how people organize themselves into and within
groups and how they treat both members of their own groups and members of other groups. It
identifies factors that cause variation in levels of attachment to and identification with a group,
predictors of intra-group and intergroup conflict and the approaches groups take in responding to
conflict, and variables that explain how social structures emerge within groups.
The aim of this paper is to provide a guide to using the social identity perspective as a lens for
CSCW research. A focus on the social psychological mechanisms of group-level social processes is
distinct from - but complementary to - a focus on individual-level processes, and is thus crucial
for both the development of healthy social platforms and subsequent research informing our
understanding of them. At the same time, it is important to acknowledge at the outset that the
formation of groups and group identities is by no means an inevitable outcome in every online
social context. As Kreijns, Kirschner, and Jochems note [80] in outlining pitfalls in designing
computer-supported collaborative learning environments, designers too often take it for granted
that social interactions occur simply because the platform is built with features that allow for
them. Furthermore, even on platforms where social interactions do occur, there is no guarantee
that meaningful social identities can and will be formed; individuals who are co-present or coacting do not necessarily form a shared identity. Collectives of individuals on a site behave and
interact very differently from members of tightly-knit groups. Thus, understanding how and when
social identities are most likely to form, and their subsequent impact on individuals’ perceptions,
judgments, and behaviors, is a crucial starting point. We argue that the design and study of
collaborative and social platforms will be significantly improved with a deeper insight regarding the
foundations and consequences of social identity formation, which is vital for achieving a complete
understanding of online communities and their members.
In this paper, we first review the social identity literature in more depth to bring attention to
both core and lesser-known principles of the theory. With these principles in mind, we present
a systematic review of social identity in current CSCW literature, identifying current “genres”
of research that reference social identity. We then propose potential contributions of the social
identity perspective to research in five different domains of CSCW: self-presentation, social support,
collaboration, misbehavior, and leadership in online communities. We conclude with a set of
methodological suggestions that might aid and inspire CSCW researchers to incorporate tools and
techniques from the social identity literature or, at a broader level, to adopt an additional set of
social identity perspectives, in their work.
2

CORE PRINCIPLES OF SOCIAL IDENTITY THEORY AND SUBTHEORIES

In this section we briefly review five sets of concepts from Social Identity literature that we suggest
are most relevant to CSCW research. These principles, as well as the subsequent sections on their
application, are presented in increasing order of the level of their application, progressing from a
focus on the individual to a focus on the group as a whole.
Principle 0: A person’s identity can be defined at various distinct levels, with
the most common differentiation being between one’s personal and social
identities.
1 The

term "SIP" includes the original social identity theory first proposed by Tajfel and Turner in the 1970s, but also broadly
refers to theories built on this framework, including self-categorization theory, the social identity theory of leadership, and
the social identity model of deindividuation effects (SIDE) and their various subprinciples. We refer to all of these under the
general social identity umbrella.
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The core of the Social Identity Perspective is the concept that people have many different
identities and move between them fluidly and sometimes rapidly, depending on the level of identity
activated by one’s current situational context. In contrast to earlier social psychological models
of the self, which focused on the personal (individuated) self-concept and characterized the selfconcept as relatively stable, the social identity approach (and, in particular, self-categorization
theory) argues that the self-concept also consists of a variety of social identities defined by one’s
group memberships and, moreover, conceptualized the self as fluid and dynamic [148, 150]. In this
way, a person can possess a multitude of social identities based on the different groups of which
they may be a part; moreover, these distinct identities can vary dynamically in their associated
attributes and lead to the activation of different traits, goals, and orientations depending on the
specific identity that is most salient at any given moment.
Social identity theory emerged out of early work in social psychology investigating the causes
of prejudice (which itself resulted from efforts of psychologists to explain extreme and terrible
examples of intergroup behavior that had occurred during the Holocaust). While the first wave of
theories of prejudice that emerged in the post-World War II era were predominantly focused on
individual-level cognitive processes, social identity theory emphasized the role of group membership
in determining individual behaviors [69]. Early work on social identity theory in the late 1970s
[143], 1980s [102, 149], and 1990s [2, 39, 40, 121] was primarily the domain of European social
psychology and affiliated publication venues, but has since spread both to other parts of the world
and into other fields, from communication [65] to organizational psychology [66].
Principle 1: The identities we tend to embody are those that are the most accessible and have the best "fit" within a given situation.
According to this view, the distinction between personal and social identity reflects the aspects
of the self that arise when one makes interpersonal (me versus not me) versus intergroup (us
versus them) comparisons and judgments. In addition, this view posits that identity itself is contextdependent, with an inverse relationship between the salience of one level of identity versus the
other [114]. Indeed, the principles of accessibility and fit, as elaborated in [65], describe the types of
identities that are likely to be most salient at any given time. People draw on accessible identities
- those that are important to the individual and connected to their self-concept, and those that
are activated by current goals or social context (e.g., the composition of one’s immediate context).
Race and gender are common identity categories that match both of these criteria, particularly for
oppressed or marginalized groups, because of their likelihood to be important to the individual and
because of how frequently they arise in everyday life.
Optimal distinctiveness theory [16, 17, 19] elaborates on a core principle of social identity
perspective - that the self-concept can be differentiated by multiple levels of identity (from individual
to collective) in arguing that definitions of self and behaviors within groups are informed by a
chronic tension between innate, opposing needs for distinctiveness and inclusiveness. Feeling
overly unique can make us feel anxious and susceptible to alienation and isolation, triggering a
drive to achieve greater inclusiveness (which can be satisfied by identifying or affirming one’s
affiliation with a social identity group or category). Conversely, if we feel hyper-assimilated or
indistinguishable within the group, this triggers the drive to assert our distinctiveness (e.g., to enable
an evaluation of self that relies on comparison to others). In this way, optimal distinctiveness theory
predicts that judgments of accessibility and fit can be based on our current need for uniqueness or
inclusion.
Principle 2: Individuals consistently favor groups and identities with which
they affiliate over competing or contrasting groups.
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The minimal group paradigm [35], one of the earliest areas of Social Identity Theory, explores
the smallest possible conditions that are required to cause intergroup differentiation and ingroup
favoritism. In one famous experiment [11], participants were assigned to groups randomly, based
on the result of a coin flip, and told to allocate points between their own group and the other group.
Participants did not know who else within the session was in their group; the groups had no history
and no future, and were based on meaningless criteria; no particular competition was suggested
between the groups; and points were meaningless and carried no inherent value. Nonetheless,
participants still consistently allocated more points to their own group in all variations of the
experiment. Even in groups formed on a random or arbitrary basis, patterns of ingroup favoritism
consistently emerged. When the strength of affiliation between group members increases, ingroup
favoritism only increases; as work on Social Identity has firmly established, people like others
who are similar to them in salient ways and are innately inclined to form group boundaries when
contexts make social categories salient.
The original core premises of social identity theory were derived from Tajfel and Turner’s work
on intergroup relations [143]. Though the Social Identity Perspective no longer relies on the concept
of minimal groups, a wide variety of studies have shown similar effects across different domains,
particularly in the context of stereotypes. Several conditions must be met for these processes to
take place [143]. Individuals must have internalized membership in the relevant group as part of
their self-concept. They also must have cause for comparison, and comparison must occur across
attributes that matter in a given context (e.g., gender in a science classroom, political affiliation in
a Facebook group centered on immigration issues) and with an outgroup that is relevant to the
comparison and situation. Recent research suggests that the attributes that hold the most weight
in comparisons are ones pertaining to perceived morality (rather than perceived competence or
sociability) [86].
Principle 3: Anonymity leads to behaviors more strongly prototypical of group
norms.
The Social Identity Model of Deindividuation (SIDE) was developed starting in the 1990s as a
counterpoint to earlier work on the psychology of mobs [121]. Reicher, Spears, and Postmes trace
the concept of deindividuation in psychology back to the work of LeBon on crowd psychology,
published in France in 1895. The core of LeBon’s theory was that to be in a crowd was to lose
one’s individuality and thus any sense of individual responsibility, and therefore to succumb to
base behaviors. Further well-known work on anonymity and deindividuation such as the Stanford
Prison Experiment, reinforced this widely held view of deindividuation [167].
The SIDE model emerged as a critique of these interpretations, and was founded on a number of
experiments that showed that deindividuation (specifically via anonymity in face-to-face conditions)
led experimental participants to behave in ways that were more in line with norms for their group,
regardless of whether those norms were pro- or anti-social [121]. These findings have been extended
to CMC contexts [118, 119]. A recent meta-analysis confirmed these findings [71]: based on thirteen
journal articles, a positive correlation was found between anonymity and conformity, which was
moderated by the presence of an outgroup; when anonymous participants were aware of an
outgroup, the conformity effect was twice as large as when they were not. Thus, in cases where
norms are founded on harassment or disruptive behaviors, anonymity can lead to extreme negative
behaviors, while in supportive online communities, anonymity promotes pro-social outcomes, such
as greater compassion and empathy.
Principle 4: In groups, the leaders who emerge are the members who are most
prototypical of the group’s norms
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In contrast to theories of leadership that suggest that leaders are those who have personality
traits relevant to leadership or that group members with the greatest access to resources, the social
identity theory of leadership argues that group members who are the most prototypical of group
norms emerge as leaders [63, 66]. This process has three defining phases: first, self-categorization
creates a spectrum of prototypicality within the group, with certain members deemed to be more
prototypical than others. Second, per the social attraction hypothesis, more prototypical group
members are liked more than less prototypical members, and are thus able to exercise influence
over other group members because individuals are more likely to help and support people that
they like [64]. As the group reaches general (though often not consciously discussed) consensus
regarding who is most liked, this person becomes more and more able to exercise power in ways
that cement their status. Third, group members make an attribution error [143] by overattributing
a leader’s position to their personality characteristics rather than their prototypicality, reinforcing
the belief that the leader possesses a particular disposition that helped them achieve their status
within the group. It is important to note that, while individuals’ cognitive representations of
prototypical qualities of groups and group norms are conceptually very similar, they are not
entirely the same- group norms are better conceptualized as the the aggregation of individual
prototypes into collectively agreed upon group prototypes [65].
3

SOCIAL IDENTITY INFLUENCES ON CSCW

Before considering specific principles of social identity and their applications to CSCW, it is
important to identity specific research contributions that have already been guided by SIP. We
identified five ACM conferences and two non-ACM conferences with the highest presence of CSCW
work as locations for a literature search: the ACM Conference on Computer-Supported Cooperative
Work and Social Computing (CSCW); European Computer-Supported Cooperative Work (ECSCW);
the International Conference on Web and Social Media (ICWSM); the ACM Conference on Human
Factors in Computing Systems (CHI); the ACM International Conference on Supporting Group
Work (GROUP); the ACM Creativity and Cognition Conference (C&C); and the ACM SIGCHI
Conference on Designing Interactive Systems (DIS). Though establishing boundaries for search is
necessary, selecting specific venues on which to focus is not entirely straightforward; work that
might reasonably be considered to be CSCW research likely appears in dozens of conferences and
numerous journals. We focused our search here on the core of CSCW research built around the
ACM CSCW conference and adjacent venues, where we feel that principles of social identity have
the most potential to impact research directions.
We began with a search of the ACM Guide to Computing Literature following procedures used in
existing literature reviews [12, 37]. We searched using the phrase “social identity”, which returned
72 results. We identified fourteen of the most highly influential and most frequently cited papers
within the Social Identity literature (see Table 1, and we manually searched the 72 papers for
citations of any of these fourteen papers. While numerous papers used the phrase "social identity",
nearly all used it in a general sense, meaning the broad identity of users in social settings, rather
than in a sense specifically tied to the Social Identity Perspective [57, 75]. Because this search only
returned a handful of results that engaged with Social Identity literature, we elected to pursue a
broader search.
In order to capture a broader set of work, we searched through the "Cited by ..." section for each
of the fourteen seed papers on Google Scholar using the queries shown in Table 2. We elected to
exclude extended abstracts and workshop papers from our search.
Following our search by citations, we returned to the ACM Guide to Computing Literature as a
check on our results. Through manual search of the references in the 72 aforementioned papers for
the fourteen major works, we identified no additional papers that had not been found through our
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Table 1. Major work in SIP used as seeds for Literature Review

Author(s)

Year

Tajfel, H. [140]
Tajfel, H., & Turner, J. C. [143]
Tajfel, H. [142]
Tajfel, H. [141]
Tajfel, H., & Turner, J. C. [144]

1974 Social identity and intergroup behaviour
1979 An integrative theory of intergroup conflict
1982 Social psychology of intergroup relations
1982 Social identity and intergroup relations
1986 The Social Identity Theory of Intergroup Behavior
Rediscovering the social group:
1987
A self-categorization theory
1989 Social identity theory and the organization.
The social self: On being the same
1991
and different at the same time
A social identity model of
1995
deindividuation phenomena
Who is this “We”? Levels of collective
1996
identity and self representations
Self-categorization, commitment to the group
1999 and social self-esteem as related
but distinct aspects of social identity
Social identity and self-categorization
2000
processes in organizational contexts
2001 A social identity theory of leadership

Turner, J. C., et al. [149]
Ashforth, B. E., & Mael, F. [7]
Brewer, M. B. [16]
Reicher, S. D., Spears, R.,
& Postmes, T.[121]
Brewer, M. B.,
& Gardner, W.[18]
Ellemers, N., Kortekaas, P.,
& Ouwerkerk, J. W.[40]
Hogg, M. A.,
& Terry, D. I.[66]
Hogg, M. A. [63]
Ellemers, N., Spears, R.,
& Doosje, B.[41]

2002

Title

Self and social identity

Table 2. Queries used for Google Scholar search

Query terms for searches in Google Scholar
ACM
Human factors in computing systems
Creativity and Cognition
CHI
Creativity & Cognition
SIGCHI
ACM C&C
ACM CHI
C&C
Human Computer Interaction
ACM CSCW
Computer Human Interaction
CSCW
ACM DIS
Computer supported cooperative work Designing Interactive Systems
SIGGROUP
DIS
ACM GROUP
ICWSM
International Conference on
International Conference on
-Supporting Group Work
-Web and Social Media
Supporting
ECSCW

citation-based search. In total, we identified 57 papers from these five conferences that cited major
works in SIP. Breakdown by conference is listed in Table 3, and breakdown by year and conference
is shown in Fig 1. A full list of all papers identified is shown in Appendix A.
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Table 3. Number of papers by conference

Number of
Papers
CSCW
26
ECSCW 2
CHI
18
GROUP 6
ICWSM 4
DIS
1
C&C
0
Total
57
Venue

Number of Papers

8
6
4
2

Pr
e-

20
0
20 7
0
20 7
0
20 8
09
20
1
20 0
1
20 1
1
20 2
13
20
1
20 4
15
20
1
20 6
17
20
18

0

CSCW

ECSCW

CHI

GROUP

ICWSM

DIS

Fig. 1. Number of papers by conference by year

3.1

Genres of SIP research in CSCW

While the purpose of this paper is to provide a guide to future SIP-guided research in CSCW rather
than to classify existing research, we suggest that it is useful to begin with a basic understanding
of what types of work have already been done in order to identify areas for growth. To classify
the existing SIP research in CSCW, we modeled our process after past literature reviews that
have identified sub-areas within other domains of HCI research. For example, in their review of
HCI research in sustainability, DiSalvo, Sengers, and Brynjarsdóttir identified four non-mutuallyexclusive “genres”, or “emergent clusters of research that draw from similar sources, share a general
problem formulation, and have similar ideas of how to approach solving those problems” [37]. They
identify “Persuasive technology”, “Ambient awareness”, “Sustainable interaction design”, “Formative
user studies”, and “Pervasive and Participatory Sensing” as genres within the sustainability research
space in HCI.
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In order to create a classification, we analyzed each paper using four questions, using the model
used in [37]. These were: (1) Which theoretical construct within SIP is used to frame the work?
(2) What is the unit of analysis of the work (e.g., individual, group, or crowd)? (3) What identity
characteristics were varied or studied? (4) What was the stated goal of the work (e.g., to facilitate
increased productivity, to reduce conflict, to understand experiences)? We identified four nonmutually-exclusive “genres” that included five or more papers. The rest of this section describes the
genres that resulted from our analysis.
3.1.1 Factors in productivity of distributed groups. Given the history of CSCW research, it is
unsurprising that the primary area in which the Social Identity Perspective has been applied is
in identifying factors that lead to success in distributed groups. Thirty-two (56%) of the papers in
our corpus were based in this area, using various methods and focusing on different populations.
Many focus on online peer production communities; Settles and Dow [135] explored a collaborative
songwriting community, while Vasilescu et al. [152] focused on impact of diversity in Github teams
and Zhu, Kraut, and Kittur [166] and [163] examined group identification in Wikiprojects. These
papers primarily used large-scale scraping of data, though Vasilescu et al. and [46] make use of
surveys for their work on GitHub.
A relatively small number of papers have used social identity as a lens to understand dynamics
in studies within companies. Muller et al. [111] looked at the impact of similarity in identity facets
in IBM employees on crowdsourced funding of projects. Halgin, Gopalakrishnan, and Borgatti
examined factors affecting turnover in employees associated with a client account in a “global
technology firm”. Robert Jr. and You [129] examined the relationship between geographic dispersion,
reliance on electronic communication, and team identity in employees of an “information technology
solution vendor”. These again rely on large scale collection of quantitative data and, in some cases,
surveys. They also looked at different facets of identity, from role similarity to geographic proximity
to team identification.
Though controlled experiments are a dominant paradigm in social psychology literature in
social identity, they have only rarely been used to examine social identity within CSCW. Of
these experiments, most use virtual laboratory settings with students as participants. Bos et al.
[13] ran an experiment with participants playing a collaborative game to explore whether colocated participants would be more likely to collaborate with each other than with non-co-located
participants. Voida et al. [154] examined teams of students’ success in the same game, varying colocation and shared identity (based on campus organization affiliation), finding that shared identity
can mitigate the negative impact of distance. Bos et al. use social identity to explain increased
collaboration with co-located participants as formation of an ingroup, and Voida et al. add shared
identity via organizational affiliation.
It is important to note the impact in this area of theory on bond-based and identity-based
attachment to groups, introduced in other social-computing related publication venues primarily by
[123], [122] and [132]. Common identity and bond theory distinguishes motivations to join groups
based on connections to individual members versus connections to the group as a whole, drawing
from some social identity and self-categorization principles previously applied in organizational
contexts by Hogg and Terry [66], and by Rogers and Lea [131]. Most papers that have applied this
theory have investigated outcomes related to productivity in distributed groups; several papers
in CSCW resesarch cite Ren, Kraut and Kiesler [123] or Ren et al. [122] to discuss these topics,
from Farzan et al.’s examination of the role of social presence in commitment to communities [44]
to Tausczik, Dabbish, and Kraut’s experimental analysis of attachment to sub-groups [145], but
because this theory is adjacent to but not within social identity we do not include these citations in
our count here.
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There are many facets of social identity that remain to be explored in each of these contexts.
While participants in a number of these studies were anonymous to each other, variation of
levels of anonymity could be explored much further as an independent variable in success of
distributed teams. Moreover, homophily in identity characteristics, such as race and gender, has
only been touched on briefly [46]. Robert Jr. explored the impact of shared leadership on success
and satisfaction in distributed student project teams [127], including race and gender as factors, but
there is also much more room for exploration of impact of different types of leadership on success
in distributed groups. Section 4 of this paper identifies specific areas for future exploration.
3.1.2 Identity building and expression. The remaining three groups were much smaller, with
each comprising 10% or less of the corpus. As such, we describe each briefly here but offer potential
areas for further exploration within each in Section 4 of this paper.
We identified five papers (9% of the corpus) that focused on how users build identities and
express either their own personal identities or newly developed identities online, usually in social
settings. Three of these papers looked at individual experiences with identity expression in gaming
or game-related environments. Margolin, Liao, and Lin [100] found that fans of National Football
League teams talk more on Twitter about their teams on Twitter after team victories, a finding
that can be explained by the concept of positive social identity. Livingston et al. [93] explored the
ways in which players value their World of Warcraft characters, finding that self-expression was
an important part of characters’ value. Passmore, Birk, and Mandryk [117] surveyed players on
their perceptions of and experiences with underrepresentation of people of color in games, finding
significant impact of membership in different groups.
Beyond games, other work has examined intergroup perceptions and relationships on social
contexts. Early work from Pape, et al. [116] explored an online community made available only to
a specific subset of students at a university, and the impact this separation had on group identity
and ingroup/outgroup relationships. Liu et al. [91] interviewed participants and non-participants
of the #ILookLikeAnEngineer hashtag movement, finding ways in which the movement impacted
their feelings about their relationship with their own and others’ identities. These studies used a
variety of methods, from quantitative analyses [100] to surveys [117] and interviews [91, 93, 116],
though none have yet used experiments to study social identity building and expression.
3.1.3 Multiple identities and context collapse. As we discuss in Section 4.1 of this paper, there
is significant overlap and interplay between social identity and the concept of context collapse
[14, 103]. Six papers in our corpus (10%) have begun a preliminary exploration of this line of
research. Lampinen, Tamminen, and Oulasvirta [84] provide an excellent overview of this area in
early work on multiple group memberships on Facebook:
Users deal with group co-presence by managing the situation to prevent anticipated conflictive and identity-threatening situations. Their behavioral strategies consist of dividing the
platform into separate spaces, using suitable channels of communication, and performing
self censorship.
Farnham and Churchill [43] built on this work by identifying factors impacting the number
of separate identity “facets” and strategies for managing them, while Leshed and MacLeod [89]
examined metaphors for identity management in social relationships online. Voida, Olson, and
Olson [156] looked at connections between identity facets and use of different cloud-based services
(e.g., Google Apps). Taking a computational approach, Min et al. [108] successfully classified social
contacts according to identity facet (e.g., family, work, or social).
Given the broad variety of work on context collapse and its growing relevance due to growing
use of multiple platforms for self-expression, the intersection of social identity and context collapse
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is a promising direction for research. We present hypotheses in section 4.1 that aim to provoke
future thought in this area.
3.1.4 Uses and consequences of anonymity. The final genre that we identified in our corpus,
heavily influenced by Reicher, Spears, and Postmes’s model of social identity and deindividuation
effects (SIDE) [121], includes six papers (10%) that explore anonymity online. Two papers explored
or considered the impact of anonymity: Foong et al. [48] presented a framework for a number
of socio-psychological factors that may impact feedback exchange, of which anonymity is one.
They identified platforms with various approaches to anonymity, as well as prior work that has
considered the impact of anonymity, though not through a social identity lens. They conclude that
there remains room for more exploration of the impact of anonymity on feedback. Ma, Hancock,
and Naaman [97] performed an experiment to understand the impact of anonymity and intimacy on
self-disclosure, finding that anonymity can increase baseline levels of self-disclosure and sometimes
weakens self-regulation in disclosure.
The remaining four papers explore uses of anonymity in existing contexts. Rho et al. [125] studied
a confessional Facebook group for low-income and first generation students at an elite university,
finding anonymity to be crucial to their ability to share their experiences and request information
and that the moderation structures in the group are important to managing this anonymity. Similarly,
Leavitt [88] found that reddit users utilize “throwaway” temporary accounts to talk about topics that
they’d rather keep private, particularly when they feel that they are identifiable on their primary
accounts. On the other hand, Kwak, Blackburn, and Han [81] discussed the role of anonymity in
harassment in an online team game, identifying possible effects of anonymity on likelihood to
report toxic players.
While most of these papers explored different online contexts where anonymity facilitates certain
social behaviors, only one, by Ma, Hancock, and Namaan [97] explicitly compared anonymous vs
non-anonymous populations. Huang and Li [71], in a 2016 paper published in the International
Journal of Communication, provide a starting point for bridging anonymity research in social
psychology and investigations of online socialization in CSCW. They performed a meta-analysis of
the impact of anonymity on discussions in online contexts, finding results consistent with the SIDE
model [121], but none of the thirteen studies included in the meta-analysis were part of the CSCW
research space and only one [147] considers a context outside of lab environments (Wikipedia).
The strength of CSCW research in analysis of active social and productive spaces online could
contribute much to furthering SIDE theory.
3.1.5 Emerging directions. Eight papers (14%) in our corpus did not fall into any of the above
categories. These include, for example, Seering, Kraut, and Dabbish [134], who consider the impact of
group leaders in online chatrooms in encouraging or discouraging misbehavior, opening possibilities
for applications of Hogg’s [63] social identity theory of leadership to topics like harassment. In a
very different line of work, Maldeniya et al. [98] apply the principles of homophily and optimal
distinctiveness to analysis of online dating, finding that overtures are most likely to receive a
response when their linguistic style is similar to the person they are messaging but different than
their “competitors”.
Though a number of strong results have been identified in the literature discussed above, many
of these examples utilize well known or widely-influential concepts from social identity. We argue
that there are many concepts from the social identity perspective and its vast literature that have
yet to be and ought to be explored and applied more regularly in CSCW research. We address five
domains in which there is room for further exploration in the next section.
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SOCIAL IDENTITY AND DOMAINS OF CSCW

In this section we focus on applications of the theory that could push existing domains in new
directions, but we first ground our argument by connecting the social identity perspective to a
classic framing of CSCW as a field - Ackerman’s The intellectual challenge of CSCW: the gap between
social requirements and technical feasibility [3]. Ackerman’s nine assumptions provided a clear
framing for CSCW research that remain relevant today. Three of Ackerman’s assumptions have
nearly identical corresponding theoretical principles in social identity:
First, CSCW researchers assume that "Social activity is fluid and nuanced", Ackerman notes that,
per Goffman, individuals often choose to share different information with different audiences, and
that social-technical systems often assume a level of shared understanding of information that is
not found in many social interactions. Social identity theory, per the mechanism of social comparison [143] explains how different individuals will interpret even factual information significantly
differently if it in any way relates to an evaluation of groups of which they are a part.
Second, the potential for conflict in this dynamic is made clear by Ackerman’s subsequent
assertion that CSCW researchers assume that "Groups and organizations may not have shared
goals, knowledge, meanings, and histories". Social identity theory explains how groups with
conflicting goals will characterize each other’s members, and how groups with less power will
attempt to reconcile the power gap [143].
Thirdly, Ackerman says that CSCW researchers assume that "The norms for using a CSCW system
are often actively negotiated among users," and self-categorization theory explains in depth the
mechanisms by which these norms are established and negotiated. In particular, self-categorization
theory explains the mechanisms by which group polarization occurs [67], which are particularly
relevant to political polarization observable in a variety of social media spaces (e.g., [162].
However, Ackerman did not root any of these assumptions in theory from the Social Identity
Perspective, so these ties were not made explicitly or tied to their history of study in psychology in
his core characterization of the field. We suggest in this section not only that certain principles
from social identity can apply to specific areas, but that they can connect very distinct areas of
research that have not yet interacted substantially. For example, many of the theories that we apply
to work on social support apply equally well to distributed work teams and crowdwork tasks where
workers interact with one another or with each other’s work.
We discuss applications to existing domains of CSCW beginning with individual-level goals and
behaviors within the group via self-presentation and impression management, and progressing
to higher-level group characteristics and processes such as social support, collaboration, and
misbehavior, and finally to a top-level view of group dynamics through a discussion of leadership.
4.1

Self-presentation and impression management

The concepts of self-presentation and impression management within CSCW research have been
built in large part on the frameworks for self-presentation developed by Goffman [51], who takes
a theatrical perspective on social interactions. Goffman describes individuals as performers on a
stage who play to their various audiences but who have an authentic identity that can present
itself when "backstage" . According to the social identity perspective, the selves that emerge in
different contexts are all "authentic" in the sense that they reflect different levels of identity, and
that our "performance" of these selves is dictated by which levels are most salient in a given context.
Both theoretical framings assert that individuals behave significantly differently depending on the
group in which they are interacting; Goffman frames this as a performance, but social identity
theory frames this as internalization of or adherence to group norms [149]. Goffman’s extension
of the theater metaphor to talking about groups of "actors" negotiating shared understandings
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of situations is explained in self-categorization theory as the emergence of norms in groups as a
function of their developing social identity and group prototype. The social identity perspective
offers an important framing that could be applied in most cases where Goffman is currently used we act differently when in different groups, but this is because each social group makes a different,
real, and authentic part of us accessible and salient.
The "imagined audience" framing of impression management [90, 103] also overlaps significantly
with principles of social identity. For example, research on users’ restrictions on intended audiences,
as in the case of transgender individuals who transitioned while on Facebook, found strategies
for management that included editing data about prior identity and restricting access to this data
[56]. This is echoed in research on young adults’ management of prior identities, which also notes
that past self-presentation data can be used to critique current identity but that this is often done
playfully [133]. Together, these examples argue for the role of integration of platform characteristics
into social identities. We argue for a concept of the “social role of apps” in determining both how
users’ identities are presented to different groups and even how these identities develop as a
result. We argue that social identities online include more than just people - the technologies and
apps via which people communicate are similarly present in determining group prototypes. These
prototypes are heavily informed and characterized by the norms of interaction associated with
the site or app (e.g., the modalities of communication available, the perceived goals or constraints
of self-expression, the overarching ethos of the platform itself). It is important to acknowledge
that the relationship between platform features and user psychology is likely to be bidirectional:
the interaction norms associated with a platform likely invite some degree of self-selection of
users (i.e., individuals who find those norms to be compatible with their own personality traits
or communication styles), while, at the same time, those norms can influence the behaviors and
self-perceptions of most users regardless of their traits or predispositions. The former perspective is
more the purview of theories from personality psychology, which prioritizes a focus on individual
differences in predicting and explaining behaviors and motivations. The latter is more aligned
with the focus of SIP (and of theories from social psychology in general), which explains how the
average individual’s behaviors and identities are impacted by salient features of the group context
and the expectations that define the prototypical group member in that context.
H1. A group of users will have different group prototypes depending on what
site or app they are using to communicate.
It is also crucial to reflect on the fact that, in addition to the social identities that come to be
associated with particular interaction technologies, that the use of those technologies often entails
a triggering of multiple additional social identities associated with the groups with whom one
is interacting and the characteristics that define them (e.g., social relationships between the user
and the group; the demographic, social, or ideological variables that define group members, etc.) .
Perhaps the most interesting overlap between the social identity perspective and self-presentation in
this regard is in the area of context collapse [14, 103], which describes the challenge in presenting an
authentic self in the face of many different potential audiences. Self-categorization theory explains
in depth how membership in a group substitutes group identity for individual identity [149], but it
remains an open question which identity dominates (if any) when users are made aware of many
group memberships in rapid succession (as in the case of scrolling through a Facebook newsfeed).
Is the result of this an open "hybrid identity" that combines the most salient characteristics of all of
the group identities? Do the strongest group ties, or perhaps the groups with strongest penalties
for deviance, dominate? Or does the platform itself have its own norms for self-presentation that
can override the salience of norms associated with group memberships primed by the content
one encounters in a newsfeed? In addition, the increasing interconnectedness of social media
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platforms and interaction technologies (with the same content shared across multiple sites with
often overlapping but somewhat distinct audiences) contributes even more complexity to the
mix. How do users negotiate the potentially divergent identity-related demands or expectations
associated with these platform and the social circles they inhabit on them? Will the growing
ecosystem of communication sites and apps contribute to a higher-level social identity informed
by characteristics and features shared across different platforms?
The work detailed above offers a clue, in that impression management strategies may aid in
easing the psychological difficulty of self-categorization by separating different identities onto
different platforms [32, 43], or into different temporal categories [56, 133]. This suggests that users
may actually seek to decrease their cognitive load by pushing self-categorization processes to occur
during inter-app switching rather than constantly as they scroll down their newsfeed, which would
help explain identity-separation processes.
H2. Users have distinct self-categorizations associated with particular apps.
Switching between apps, or between different group contexts within the same
app, will trigger a shift in self-categorization and greater adherence to the
self-presentation and communication norms associated with the specific social identity that is most salient.
As noted earlier in our discussion of Principles 0 and 1, a core finding of SIP is that group contexts
can trigger a shift in an individual’s level of identity, away from uniquely defining characteristics of
one’s personal identity and toward the shared, prototypical characteristics that define one’s social
identities [137, 138, 146]. Moreover, these levels of identity can be extremely fluid and dynamic,
meaning that even small changes to a social context can make a specific social identity more
salient or distinct [19]. Research, including much of the above, has shown that individuals maintain
separate personas and interact with separate social groups using separate means of expressions
across different social media platforms [32]. Through long-term exposure to these differences,
we hypothesize that these platforms become the key to accessing a particular persona, which
is made salient simply by logging in or opening the app. Brief use of one of them will make
the associated persona more accessible. Beyond even the user adjusting their behavior to lead
to platform-based rewards (e.g., taking pictures of food for Instagram, or even attending certain
events because they know Facebook will allow their participation to be made widely known),
long-term use of certain apps over others may have carryover effects on users’ behaviors and
motivations in offline contexts, such as influencing the way users experience, document, or reflect
on particular real-life social situations. This may be particularly likely for users whose personality
traits influenced their choice of platform in the first place; nonetheless, as discussed above, SIP
would predict that the internalization of norms from a social context can lead to lasting changes for
most individuals immersed in a group or social context. How long-lasting such changes are likely
to be when triggered by an interaction technology or communication platform - and how much
transfer between online and offline contexts is likely to occur - remain as open empirical questions.
4.2

Social support

Previous work on social support has focused on how individual behaviors or interpersonal interactions between group members, such as self-disclosure [30, 157], tenure [159], technology
preferences [115] and communication pattern [161] could affect the type and the amount of support
they shall receive. Social identity theory, on the other hand, explains how group attributes and
contexts affect support through processes like intragroup favoritism. We frame our exploration
here around three questions: First, what types of groups lead to highest levels of social support as a
result of a strong, shared social identity? Second, what processes within groups lead to stronger
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social identity that further elicit greater social support? Third, what are the effects of social identity
on social support, both in magnitude and type?
We begin with the composition of the group. Ingroup favoritism theory suggests that people
prefer those who share common identity attributes and thus seek to affiliate with people like them
[143]. This principle applies particularly well in the online sphere, where the membership to online
communities is usually voluntary and self-selected. The low entry barriers of online communities
allow members to quickly join or leave a group without having to pay a fee or spend much time.
There is little cost to trying out many groups until one finds a group that fits one’s identity needs
sufficiently well. Achieving such fit makes it easier for individuals to behave in accordance with
their group membership and show higher level of group solidarity and higher commitment [40].
However, identity fit only tells part of story; for communities to succeed, there is also a need
for balance between individual and group level identities in building stronger group identity and
attracting appropriate new members. Optimal distinctiveness refers to the social psychological
theory asserting that individuals desire to attain an optimal balance of inclusion and distinctiveness
within and between social groups and situations [19]. Social identification - and, thus, mutually
supportive behaviors - should be strongest for social groups whose level of inclusiveness can resolve
the conflict between needs for differentiation of the self and assimilation with others.
H3. Groups that are "optimally distinct" will attract members who are most
likely to support each other, and growth in a group that reduces certainty
about group prototypes will reduce the prevalence of socially-supportive behaviors.
Group members are naturally motivated to think of the groups to which they belong positively,
thus enhancing their positive self-concept. Members who view their groups negatively have three
options, per Tajfel and Turner [143]: first, they can drop out; second, they can attempt to make
positive comparisons to an outgroup; and third, they can attempt to make positive social change that
enhances the status of their group. When there are many groups with very similar characteristics
and identities, as on Facebook, the third of these options becomes difficult without a very specific
axis through which to evaluate their group and compare to outgroups.
Via the second of these processes, the presence of an outgroup leads to stronger social identity
within a given group. Social comparison theory suggests that people evaluate their group with
reference to relevant outgroups, and groups become psychologically real only when defined in
comparison to other groups [45]. Specifically, group members are motivated to think and act in
ways that achieve or maintain a positive distinctiveness between one’s own group and relevant
outgroups. Per Tajfel and Turner [143], groups with strong shared identity tend to display greater
ingroup favoritism, which we connect here to social support:
H4. The presence of an outgroup leads to stronger social support in online
groups, but the presence of many outgroups can lead to weaker social support
as specific, meaningful comparisons become difficult.
When the existing status hierarchy or dominant measures for intergroup comparisons do not
favor the ingroup, members can choose to be engaged in changing the current social order, which
also can lead to stronger and more positive social identity. Recent CSCW work, in particular,
has paid significant attention to social movements aiming for collective social justice such as
#BlackLivesMatter [139], #ILookLikeAnEngineer[91], and most recently #MeToo. Findings from
these research indicate that although members may only be loosely connected (typically through
the use of hashtags), their shared social identity is stronger in that they share the same goal of
advocating for their place in the social hierarchy. Participants in the #BlackLivesMatter movement,
for example, demonstrated a higher usage of first person plural pronouns [31] and were more likely
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to embed hashtags within their profile description [139], both of which indicate a stronger social
identity.
Current theory indicates that tightly-knit identity-based groups (compared to non-identity-based
groups) would provide each other greater support on their group’s focal task when advocating
for a cause. We further extend this and propose that within identity-based groups, those whose
focal task aligns with their identity characteristics will be more likely to provide each other with
task-based support and non task-based support. For example, when comparing a Facebook group
for women raising awareness of local recycling issues to a group for women advocating for more
women in STEM, members of the latter would be more likely to give each other both task-based
support (e.g, co-writing editorials or organizing rallies) and non task-based support (e.g., helping
another member with a home renovation).
H5. Groups with focal tasks aligned with their dominant identity characteristics will provide each other with more task-based and non task-based support.
Strong and positive social identity in groups can lead to several positive outcomes desired by
community designers, including social support and reciprocity. Indirect reciprocity (also called
"network generalized exchange") [110] follows a one-to-many pattern, as distinguished from direct,
or one-to-one reciprocity. Lampien et al., has found this pattern in online exchange platforms such
as Kassi, where members regard indirect exchange as a non-self-evident way to pay back to the
community [83]. Similarly, Liu et al. found indirect reciprocity in support groups for people with
disabilities leads to the spreading out of benefits to more members of the community, which further
strengthens the community [92].
Drawing from self-categorization theory [149], we suggest that strong identification with a
group leads to seeing other members as interchangeable versions of the group prototype. Therefore,
individuals in groups in this state will be more likely to engage in indirect, one-to-many reciprocity;
because members are interchangeable, a favor can be repaid to any other member.
H6. Within a group, strong social identity leads to an increase in one-to-many
reciprocity relative to one-to-one reciprocity.
4.3

Distributed work

The field of CSCW research was founded on the study of how new communication and collaboration
technologies impact distributed work. Today, one of the most prolific areas of research on distributed
work revolves around crowdwork, and most recently, the development of new crowdsourcing
processes for complex tasks that have previously only been done by expert individuals or small
groups. For example, research around flash teams and flash organizations [124, 151] as well as
around distributed cognition systems for sensemaking and innovation [55, 164] have expanded the
potential of breaking down large complex tasks into smaller subtasks or roles and delegating each
to large numbers of remote individuals to complete in either sequential or dynamically rearranging
workflows.
Earlier work on conflict in distributed teams offers a bridge between current work on crowdsourcing and social identity theory, examining in depth the various features of distributed work
that lead to and mitigate different types of conflict. For example, Hinds and Bailey [59] propose
early relationships between distance and technology mediation of communication (CMC), and task,
affective, and process conflict. In subsequent work, Hinds and Mortensen [60] found increased task
and affective conflict in distributed teams, and that a lack of shared identity exacerbates the negative
effects on affective conflict, while a lack of shared context exacerbates the negative effects on both
task and affective conflict. However, they also found that spontaneous communication can mitigate
some of these negative effects. Given that crowdworkers who are completing separate subtasks
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in a distributed workflow are typically geographically distributed and do not have spontaneous
communication with one another, it is likely that they will experience more difficulties with conflict
and coordination. For example, individuals assigned to subtasks within a distributed workflow
may not be willing to accept the output passed to them from prior individuals in the workflow
for a variety of possible reasons, including but not limited to perceptions of low quality output
from prior workers, low social trust in prior workers, low motivation to spend effort processing
prior worker’s output, and other social cognitive factors. Based on [60, 99], it is also likely that
crowdworkers will feel a general lack of shared identity with their co-workers as compared to
colleagues in an offline environment, leading to a lower opinion of them [143]. These barriers to
information transfer can all cause discontinuities in distributed workflows and undermine their
potential for success.
We propose that social identity theory can be applied to understand and influence these new
challenges that have not been directly addressed yet in CSCW research. While the general thrust
of Principle 1 states that people like other people who are similar to them in salient ways [143],
we suggest that perceived characteristics of the task at hand will determine which ways are most
relevant in the immediate situation. We predict that task characteristics will mediate the impact of
interpersonal rapport and ingroup prototypicality [63, 143] on collaboration within tasks.
H7. In distributed workflows, if a task activates personal identity, e.g., asking a
user to contribute based on their individual expertise or experience, workers
are more likely to build on prior workers’ efforts if they have good rapport
with that individual.
H8. In distributed workflows, if a task activates social identity, e.g., asking a
user to perform a task for or about a group they are a part of, workers are more
likely to build on prior workers’ efforts if they feel that the prior workers are
prototypical members of this group.
The two hypotheses above in turn suggest new design strategies for tackling challenges with
information transfer between workers in distributed workflows. For example, the output of previous
workers could be presented to new workers in a way that highlights important identity-related
similarities between consecutive workers, or the task could be framed to workers in a way that
emphasizes important social identities and minimizes personal identities. We argue through these
examples that applications of social identity theory can carry great generative value in terms
of identifying and expanding upon new research directions around established domains such as
distributed work and crowdwork.
4.4

Moderation and antisocial behaviors

While previous sections have discussed established areas of research in CSCW, here we consider
an up and coming area of work. Very early work in computer-mediated communication (CMC)
explored how interpersonal behaviors online differed from behaviors in face-to-face interactions.
Kiesler, Siegel, and McGuire [77] found that CMC groups took longer to reach decisions, showed
more choice shift, and made more hostile, crude, or offensive comments, but also that participation
in CMC groups was more equitable. They offered three possible explanations: that lack of informational feedback causes difficulty organizing; that lack of social cues leads to difficulty controlling
discussion; and that depersonalization due to lack of nonverbal involvement and absence of norms
led to reduced prosocial behavior.
While no specific effect of anonymity was found in these experiments, these potential explanations have become part of a popular narrative about why people behave badly online. A variety
of examples emerged both in popular culture and in research literature showing how anonymity
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could facilitate bad behaviors, as in the classic case of "A Rape in Cyberspace" [34] or Donath’s
work on antisocial behaviors in contexts lacking strong signals of identity [38]. These examples do
not prove a causal link between anonymity and bad behavior, but it is certainly clear that, under
certain circumstances, anonymity can lead to challenges in catching and punishing offenders by
providing them with a safe space from which to launch their attacks [28, 50]
The SIDE model [121] provides a strong explanation of the impact of deindividuation on social
behaviors, and the research in the previously described “Uses and consequences of anonymity”
genre of current CSCW work is built in part on this model (e.g., [97]) but the finer details of the
relationship between anonymity, deindividuation, and misbehavior are both unexplored and crucial
to understand. Per the SIDE model [121] anonymity leads to deindividuation and deindividuation
in a space with toxic norms leads to exaggerated misbehavior. However, the traditional definition
of anonymity relies almost entirely on having real names or in-person visual identifiers present,
and most CMC and anonymity studies have varied one or both of these characteristics as proxies
for anonymity [71], but studies on platforms like YouTube and Facebook show that people can
misbehave even with their real name and picture present [153]. So - what are the different types of
anonymity, and how do they differently impact deindividuation?
H9. Forcing users to use real names will moderate the effects of deindividuation on self-categorization when users believe that connection between names
and deeper identity characteristics is likely.
We suggest that real names are only identifiers to the extent to which they will be used to identify
users. In large threads, as in widely-viewed Facebook posts or Twitter threads, real names are
present and technically can be connected to offline identity but rarely actually are. In contexts
where the user believes that it’s unlikely that their name will be connected to offline characteristics,
real names are essentially pseudonyms for the purposes of deindividuation.
Note that another more direct connection between names and identity is gender and race/ethnicity
differentiation via names. For many users online, their names can easily be used to assume a specific
but not broad set of information about their identity, e.g., their gender and/or race/ethnicity. Per
social identity perspectives on prejudice and stereotyping, this may lead some other users to treat
them as prototypical members of those groups. Negative stereotypes may follow this categorization;
it is not an uncommon experience for users to be dismissed in conversations on Twitter or Facebook
because of the gender or perceived racial identity associated with their name. A user with a feminine
name on Facebook might not have their name connected with their offline identity, so in this sense
they are “anonymous”, but other users will treat them more as a prototypical female user than
either if they had only a non-gendered pseudonym or if other identity traits were clearly present.
H10. Misbehavior within “toxic” online spaces can be mitigated by making
salient the less toxic aspects of the group’s social identity.
A broad variety of recent work in social computing has identified communities or spaces on
platforms that are host to “toxic” behaviors or norms [23, 28, 47, 61]. Some approaches, e.g., platform
administrators’ decisions simply to remove offensive communities [24], but groups like #gamergate
[104] have proven much more resistant to attempts to mitigate toxic behaviors. The Social Identity
Perspective offers a number of potential approaches to adjusting a group’s identity. While a group
of people may be similar on a number of axes, prototypical behavior and norms are determined
primarily by salient axes [137, 138, 146], so shifting salience could shift norms, behavior, and, per
the Social Identity Theory of Leadership [63], bring new leaders into prominent positions (see
Principle 4). For example, flooding a community that is a hub for anti-Semitism but also has many
users who happen to love jazz music with music and jazz-related memes might shift salient identity
characteristics more toward jazz and less toward anti-Semitism, perhaps even leading to the rise
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in power of users who were experts in the former and less in the latter. While this is clearly an
oversimplification, there is potential for shifting salience of identity characteristics by focusing
attention on non-toxic commonalities in toxic spaces.
However, there are many spaces online that will likely be resistant to any platform or community
level interventions, and thus interventions must take place on an individual level H11. Individuals in a “toxic” online spaces will be made less likely to internalize toxic norms when they become individuated.
Several threads of research have explored different techniques for dealing with antisocial behaviors. While Friedman and Resnick [50] note that designing social systems where it is trivial for users
to create new accounts leads to challenges in effective discipline of unruly users, recent research
finds that mandatory enforcement of self-identification can create even more bad behavior [26].
Correspondingly, the same study found that users who voluntarily disclosed personal information
were less likely to misbehave. Here it makes sense to consider: deindividuation has clearly led
to misbehavior in “toxic” spaces. If the broad norms of the spaces themselves cannot be shifted,
might we find better ways to shift individuals’ behavior instead by re-individuating them so they
become less likely to internalize toxic norms? Donath’s work on Social Signaling Theory [38]
offers a starting point for integrating the SIDE model; platforms that make it possible to display
honest “assessment” signals related to their personal identities can help users remain or become
individuated.
4.5 Leadership
Studies of leadership in CSCW have typically focused on team structures or individual behaviors
that impact success. Prior work on team structures has explored the use of distributed leadership as opposed to the more traditional hierarchical leadership in online production communities
[95, 127, 165], while studies on individual behaviors view leadership through a framework of
behavioral styles (e.g., task-focused styles such as transactional leadership, and person-focused
styles such as transformational leadership [62]) and investigate their effectiveness in online production communities [165]. However, studies scarcely address the emergence of leaders in online
communities, and those that do implicitly view the process through a tenure-based framework.
For example, studies on Wikipedia and other online production communities typically draw a
distinction between "newcomers" and “oldtimers,” and follow the assumption that those with longer
tenures in the community earn the opportunity to take on more leadership roles in it 21, 27.
In contrast to the typical tenure-based frameworks of leadership that are used in CSCW research
in online communities [159, 165], the social identity theory of leadership [63] instead views prototypicality as the defining characteristic in the emergence of leaders. Rather than identifying
individuals with longer tenures in a community as potential leaders, the social identity theory
of leadership identifies individuals whose qualities are viewed as the most prototypical within a
group as potential leaders. As discussed noted in our Principle 4 section, each member of a group
displays variable prototypicality in each trait that is salient to the group’s identity; members of
a Facebook for vegetarians may be variably hostile to factory farming practices; members of a
subreddit dedicated to creation of humorous memes may be variably appreciative of dark humor.
In each of these cases, the group prototype exists somewhere near the central point of each identity
characteristic, and the social identity theory of leadership predicts that users who are closest to the
prototype on the most axes will emerge as leaders through the process described in the Principle 4
section.
Online contexts offer a new domain for extending the social identity theory of leadership, specifically in understanding the process that shape visibility of prototypicality. For example, if an
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individual on a social media platform such as Facebook, Twitter, or YouTube wants to increase
their online influencer status or number of followers, then posting content (e.g., words or images
expressing attitudes or behaviors) that is similar to content posted by the majority of other members within a target group can be an effective strategy, so long as it provides clear evidence of
prototypicality. However, algorithms that repeatedly select for the most attention grabbing content
posted by individuals on social media platforms may shift the audience’s perception of what is
prototypical within a community to the extreme, and subsequently surface more extremist leaders.
This could be more of a factor as community size increases - it is more difficult to stand out in a
Facebook group with 100,000 members than in a subreddit with 1000 subscribers, and thus users
might be pushed to act in more extreme or attention-grabbing ways in order to demonstrate their
prototypicality. This suggests important design implications for platform developers, as the social
identities that their design decisions surface could influence the emergence of certain types of
leaders and drive corresponding types of social dynamics within the user community.
H14. An individual’s influence and leadership status in an online community
can be increased by displaying or framing their qualities in a way that increases the salience of their similarity to other members.
H15. Within the same group of people, the users who emerge as leaders will be
those whose identity characteristics best match the characteristics that platform is designed to highlight.
Beyond generating new hypotheses related to the emergence of leaders in online communities and
the role that individuals and platform designs can play in the process, the social identity perspective
also allows us to propose new mediators and moderators in existing models of leadership effects. It
is important to note here that the social identity view of leadership is not mutually exclusive with
other views of leadership, but can rather be used in tandem with structure-based or behavior-based
frameworks to further understand the mechanisms supporting leadership processes. We argue
that the social identity view of leadership can augment previous views of leadership, such as
tenure-based, structure-based, and behavior-based frameworks, to generate novel hypotheses and
inspire novel designs related to the emergence and influence of leaders in CSCW systems that
previous views would not have suggested by themselves.
5

METHODOLOGICAL CONSIDERATIONS

Having discussed the potential for applications of the social identity perspective to expand several
research domains in CSCW, we now turn our attention to its implications for research methodology.
We begin with an overview of specific methods from SIP for manipulating and measuring facets of
social identity and close with a set of high-level recommendations to consider when working from
a social identity perspective.
Social vs. Personal identity salience and activation. One of the most fundamental tools that
psychologists have developed to assess the contents of an individual’s self-concept (specifically the
working self concept, the dimensions of the self that are most salient at any particular moment) is
the Twenty Statements Test [58, 105]. This open-ended probe requires participants to complete
a sentence stem such as "I am ______" twenty times, with responses coded for the relevance to
a number of identity-related measures, including an emphasis on personal characteristics (e.g.,
unique traits or abilities) or social characteristics (e.g., group memberships, relational affiliations,
etc.). A related but more complex approach was taken by Smith and Henry [138], who asked
college student participants to first rate themselves and a relevant social identity group (e.g., their
fraternity or sorority) on 90 different personality traits (to assess characteristics shared between
self and group) and, later, to make yes-no judgments about the self-descriptiveness of the same
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traits. Participants’ response times for those yes-no judgments reflected the degree to which shared
versus unshared characteristics were more salient in participants’ self-concepts. Other measurement
techniques attempting to gauge the current cognitive accessibility of social identities include the
use of word-completion tasks featuring stems that could be filled in with social identity-relevant
words (e.g., club, member, team) or with words unrelated to social identity (e.g., clot, mental, tent),
as used by Knowles and Gardner [79].
In addition to measuring identity salience, social science is rife with techniques for temporarily
activating a particular level of identity to assess its effects on subsequent perceptions, beliefs, or
behaviors. Among the most widely used methods for “identity priming” include having participants
write or read passages about a specific identity group [79]; or, more broadly, passages containing a
proliferation of first-person singular (“I”) or plural (“we”) pronouns [18]; administering questionnaires with items pertaining to specific social identities (e.g., gender versus ethnicity: [136]; and
using subtle imagery or iconography to activate a particular identity [49]. Yet another approach to
increasing identity salience is to place participants in either real or imagined scenarios in which a
specific group affiliation or membership is activated by factors such as numerical representation
(e.g., single-gender versus mixed-gender groups: [1]). All of these approaches share a common
goal of shifting the salience or accessibility of a particular social identity (or of social identities in
general) and reducing the relative cognitive availability of personal-level identities.
Manipulating and assessing prototypicalty. Measures of protypicality within the SIP literature are
fairly straightforward and typically utilize self-report scales assessing the perceived characteristics
(e.g., traits, attitudes, motivations) of the average member of a particular identity group and one’s
own adherence to or fulfillment of those characteristics [73]. In addition, Jetten and colleagues [74]
used a single-item measure to assess individuals’ self-perceived prototypicality that can be used
flexibly for any social identity group (“Overall, I perceive myself as being a typical [group]”).
The concepts and measures in both prototypicality and level of identity activation have relevance
in particular to the self-presentation research direction discussed above. Experiments using the
methods above could be performed to study which identities are activated or whether certain
identities can be activated in different situations. Does recent Facebook use impact how quickly
participants adopt social identity characteristics of new in-person social groups? What is the impact
of a cell phone vibrating from a notification on in-the-moment identification with a different
social group? Does it remind participants of their other social identities, perhaps mitigating the
deindividuating effects of anonymity?
Measuring additional dimensions of social identity. Beyond salience, accessibility, and prototypicality, there are a number of perceptual and evaluative dimensions of social identity that are
extremely useful for understanding and predicting the centrality and impact of group memberships
on an individual’s self-perception and group-related judgments and behaviors. For example, the
Collective Self-Esteem Scale [94] is a self-report instrument that includes subscales measuring
the perceived goodness and worthiness of a target group from both a internal/private and external/public perspective, respondents’ self-evaluations as group members, and the importance of the
group to one’s identity. Leach and colleagues [87] validated a multi-component model of group
identification using measures of ingroup solidarity (e.g., “I feel a bond with [group]”); satisfaction
(e.g., “Being [group] gives me good feeling”); centrality (e.g., “I often think about the fact that I am
[group]”; self-stereotyping(e.g., “I am similar to the average [group] member”); and ingroup homogeneity (e.g., “[Group] members have a lot in common with one another”). The related construct of
ingroup entativity refers to the extent to which individuals perceive that members of a particular
social identity group share a common fate, have members who are similar to one another, and
are part of a real, bounded entity; these group perceptions are typically measured with self-report
items (e.g., “[Group] have a sense of common fate,” “[Group] has real existence as a group”) [22].
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Measures of social identity complexity assess the degree to which individuals perceive greater or
lesser overlap in the characteristics of members of different social identity groups that are central
to their self-concept. To illustrate, one means of measuring social identity complexity requires
individuals to list the five identity groups that are most important to them and, for each pair of
groups, to the perceived level of overlap in membership between them (e.g., "Of persons who are
computer programmers, what percentage do you think are also online gamers?") [107, 130]. All of
these measures are valuable means of evaluating various dimensions of individuals’ perceptions
and affective responses to salient social identity groups and their members.
(de)Individuating participants. Research stemming from the SIDE Model has utilized a number of
core manipulations of deindividuation in computer-mediated communication contexts, the most
common being techniques intended to reduce personal identifiability, such as the preservation
of visual anonymity [78] and/or uniformity of appearance between all group members [85], and
increases in group size to facilitate greater immersion [36]. In early work, Reicher, varied anonymity
of participants in the same physical space by cloaking them in baggy overalls and masks, but
preserved social group identity by seating participants within separate groups and telling them
that they would be tested as a group [121]. Consistent with the predictions of SIDE, they found
that deindividuated participants showed opinions more prototypical of their identity group (in this
case more pro-vivisection for scientists and anti-vivisection for social scientists). Other work has
looked at the interaction between anonymity and an outgroup, per Turner et al.’s assertion that
group prototypes are shifted by outgroup presence [149]. Lea and Spears [85] found experimental
justification for separation of conformity and group polarization as phenomena. When placed in
groups communicating at a distance via computers, individuated participants gravitated toward
what they were told were common or majority opinions on certain topics, similar to conformity
found by Asch [6] in his classic line-length studies. However, when participants’ group identities
were made salient, they gravitated away from other groups’ opinions and toward their own
group’s dominant opinion. These effects were found to be an interaction between anonymity
(as operationalized via computer-mediated-communication) and level of identity salience; in the
non-anonymous (face-to-face) conditions, the activation of individual vs social identities had no
impact on opinions.
Though some CSCW work has already experimentally studied anonymity [97], less work in
CSCW and in social psychology has explored the broad variety of possible dimensions of anonymity
and their interactions with other group principles. CMC-based experiments offer the potential
to vary how present outgroups are in a given situation, which could impact group prototypes.
Groups can also be shifted easily between anonymous and identified conditions in a within-subjects
fashion, and they can be variably individuated or deindividuated over time.
High-level Recommendations. In addition to considering these principles and methods previously
used in SIP work, we also invite members of the CSCW community to reflect more broadly on how
this body of literature may be a worthwhile supplement to their current approaches to practice
and empirical investigation. First, we suggest that designers consider in more depth what it means
to design for many groups rather than individual users or even many users. Every social platform
online, from the minimally-designed 4chan [10] to Facebook, with its extensively research-driven
design, has developed subgroups with their own norms for behavior, and these groups inevitably
come into conflict. We suggest that designers consider that new platforms will, by the very nature
of social identity, become host to such conflicts, and that additional features on any platform will
impact these conflicts in ways that may not immediately be obvious.
Second, following directly from the previous principle, we suggest that UX researchers consider
testing new features with identity-based groups rather than single users or even groups of users
in certain circumstances. Any developed technology from social media platforms to wearable
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technologies will be eventually be used or at minimum discussed in social contexts, and thus will
be evaluated by users in part based on the norms of the groups of which they are members. There
exist interesting opportunities for pushing UX research in new directions by varying participants’
levels of deindividuation and social vs personal identity activation. Each of these cases may be
relevant to the evaluation of different types of products and systems.
Finally, as discussed in the opening of this paper, we suggest that researchers consider whether
studying and evaluating groups instead of individuals or many individuals on social platforms might
be appropriate, depending on the goals of the research. This could take a variety of forms. For
example, researchers might consider interviewing users in a group rather than individually in order
to understand group dynamics. A classic counterargument to this approach would suggest that this
taints the ability of researchers to understand true individual motivations because group norms
will bias what they say, but when the goal of the research is to understand group dynamics, these
biases may be more useful to observe than the responses of users removed from the social context
of the platform. Second, instead of evaluating aggregated user data from across a site, researchers
might consider including users’ social affiliations as primary groupings in analysis. It might even
be reasonable in some cases to consider a single individual in two different social contexts as two
separate individuals, as a significant portion of their identity and thus social behaviors will vary
between these contexts.

6

CONCLUSION

In this paper, we argue for the potential for theory from the Social Identity Perspective to have
a greater impact across a variety of domains in CSCW research. We review the limited inroads
this body of theory has made so far on CSCW research; we identify core principles of the theory
as relevant starting points for researchers considering this approach; we apply these principles
to provide new perspectives on five different domains of CSCW research; and we consider what
implications these theories have for methodology in studying online collaboration.
It is not our intention to suggest that the social identity framework should be used in all cases
or even that it should be a dominant paradigm, but rather that we believe that it would benefit
researchers to consider the applicability of these principles to their work and use them as theoretical
and methodological lenses where appropriate. We also do not intend to suggest that examples of
previous work that we described above would have been improved if they had relied on social
identity instead of the theories that they drew from, but rather have attempted to suggest ways in
which their results might be built upon in the future. Ultimately, we believe that a greater focus on
the emergent properties of groups and group identity can provide both a valuable supplementary
angle on existing lines of inquiry and inspiration for new research directions within CSCW, and
we hope that we have provided here a primer as well as a starting point for such work to flourish.
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Anyone for Bowling?: Coalescing for Turner et al.
Shared Activities[126]
(1987)
Disaggregating the Impacts of Virtuality Tajfel
(1974),
on Team Identification[129]
Turner et al.
(1987)
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Table 9. Papers citing Social Identity from the AAAI ICWSM conference

Authors

Date

Title

Major Work Cited

Agarwal, N. et al.

2009

Tajfel (1982b)

Purohit, H. et al.

2014

A Social Identity Approach to Identify Familiar Strangers in a Social Network[4]
On Understanding the Divergence of Online Social Group Discussion[120]
Conversing in Reflective Glory: A Systematic Study Using National Football League
Games[100]
The Role of Optimal Distinctiveness and
Homophily in Online Dating[98]

Margolin, D., Liao, 2015
W., and Lin, Y.R.
Maldeniya, D. et al.

2017

Turner et al.
(1987)
Tajfel and Turner
(1974)
Brewer (1991)

Received April 2018; revised July 2018; accepted September 2018

Proceedings of the ACM on Human-Computer Interaction, Vol. 2, No. CSCW, Article 201. Publication date: November 2018.

